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Abstract—The aim of the study at hand is to configure and eval-
uate a GPT-3 chatbot which is resistant to faulty input prompts
and sensitive to the emotional setting of a sales dialogue. Design
Science Research Methodology by Peffers et al. [46] was applied
and evaluated with qualitative interviews in two conditions, that
is, short and long language input. Results show that the chatbot
was overall able to mimic human-like sales conversations. Some
deviant behavior could be observed, especially in the short input
condition, revealing more verbiage and insistent questions for
purchase by the chatbot.

I. INTRODUCTION

EXT-BASED conversational agents, namely chatbots,

have become increasingly popular in customer service,
healthcare or businesses [1], [70]. A chatbot is a program
based on artificial intelligence and natural languages process-
ing (NLP) designed to communicate with humans [18]. It is
however not only important how efficient and accurate the
output of a chatbot is, but also that the input is interpreted
correctly [36]. One quality measure of chatbots is robustness
towards faulty input [48], [64], [44], [38]. This study looks
further into the business domain by using a chatbot in the
context of a sales dialogue. A sales dialogue is a dynamic
communication process between a buyer and a seller which
relies on identifying the buyer’s needs such that a sale can be
successfully carried out [52]. The chatbot employed here is
based on GPT-3 from OpenAl [41], [30].

In contrast to traditional chatbots, which operate on prede-
fined states and rules or match an input towards a predefined
answer [18], generative models produce a given input word
by word into an output such that the dialogue appears to be
more human-like and does not rely on pre-defined answers.
However, grammatical errors could occur depending on the
available amount of training data and huge amounts of training
data play a decisive role as the main requirement in generative
models [67], [2], [50]. As the name suggests GPT-3 is based
on a pre-trained model, which allows usage in a variety of
contexts [41].

There are cases of misbehavior of chatbots reported in the
media, which are a consequence of faulty inputs in the training
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data [69]. This indicates that the input for a chatbot could
influence the conversation and possibly change the behavior
of the chatbot altogether.

This study aims to further examine the linguistic input of
a chatbot in the context of a sales dialogue. The chatbot
could react towards faulty input and substantially decrease
the quality of the ongoing dialogue by upsetting potential
customers. Depending on how the input is interpreted by the
chatbot, the emotional setting of the dialogue is likely to
change. As a working hypothesis for this study, we like to
raise the following question How can a GPT-3 chatbot be
designed and developed such that it is resistant to faulty input
prompts and sensitive to the emotional setting in the context
of a sales dialogue?

We decided to restrict the sales dialogue towards buying
smartphones. Statistics show that approximately 68.25 million
people in Germany were smartphone users in 2022, equivalent
to a smartphone penetration of 81.9% in 2022 [40]. Therefore,
subjects of this study have likely been engaged in selecting an
appropriate smartphone in their past.

Furthermore, we wanted to include the aspect of negotiation
in our dialogue setting because negotiation requires enhanced
communicative skills and recognizing abstract patterns [25],
which would result in a more complex and human-like dia-
logue.

Literature research revealed that chatbots in the domain of
sales have already been investigated. Lee [24] discusses four e-
commerce chatbot usage cases in the process of a purchase and
concluded that these chatbots have improved the convenience
of customers’ shopping, ordering, and payment experiences.

Balakrishnan and Dwivedi [3] generally discuss Al-powered
digital assistants in conversational commerce, a term em-
phasized by Mayer and Harrison [33] and introduced by
Messina [35]. Conversational commerce is buying activity of
a customer interacting with a digital assistant. Balakrishnan
and Dwivedi [3] conclude that anthropomorphism in digital
assistants is crucial for creating a positive attitude and purchase
intention. Therefore, it is beneficial if the chatbot mimics a
human-like dialogue [3].
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In order to make the chatbot more human-like, we named it
"Melissa".

The following chapter explains the theoretical background of
a sales dialogue. The chapter on Methods and Design Sci-
ence Research Cycle gives a concise description how Design
Science [46] was applied to the case of the chatbot, by also
considering the affordance theory [13], [39]. An affordance
is defined as a possibility for goal-oriented action afforded
to specified user groups by technical objects [39], [32]. We
performed evaluation by conducting interviews based on a
questionnaire. In the fourth chapter, we will explain our results
obtained during the interviews based on previously defined
design principles [46]. Finally, in the last chapter, we discuss
our results and outline possible limitations as well as an
outlook towards further possible research.

II. THEORETICAL BACKGROUND

Based on Lewis’ AIDA model [58], an acronym for at-
tention, interest, desire, and action, a sales dialogue can be
perceived as a specific domain characterized by a more or
less rigid sequence of customized events, vocabularies, and a
clear understanding of objectives of the sales situation, i. e.
satisfaction of a concrete consumer need that is compensated
usually with some sort of monetary means. In our study we
assume a buyer’s market, in which the salesperson has an
inherent interest in customer orientation and satisfaction. Staff
will try to create a pleasant atmosphere built on positive emo-
tional states of the respective client based on the assumptions
that successful sales agents create trust and sympathy [51],
[63], [22], [59], [31], [17]. Indeed, besides how a situation
is conceived, a necessary condition is the availability of the
desired product and a profound knowledge of all aspects of it
(design, handling, prices, pros and cons of the product as well
as user benefit). We set forth that the psychological principles
of a sales dialogue also apply to the virtual world.

Since the planned scenery of human-CA-interaction was
thought to be sales dialogues on mobile phones, the first
step in our theoretical engagement was to look into what
is known about sales dialogues among humans in general
and how humans behave in a sales process as well as which
psychological variables play a role in their behavior. The first
thought to note is that sales dialogues follow a fairly strict
pattern [65], [10] that may be broken down to more general
phases like the opening, analysis of needs, product presenta-
tion, and closing. Each of the phases requires a different set of
communicative skills and strategies [22]. There are also some
sensible guidelines and tactics that were developed in practice,
gained substantial relevance there and finally found their way
to model building and theories [47]. These practical guides
elaborate on similar stages and define more granular subcate-
gories. In addition, these can be presented as flow diagrams,
which qualify particularly for software implementation.

Yet the theory behind the four stages in sales dialogues is
well founded [17]. Whereas the opening consists of codified
communication (e. g. greetings, salutations) setting the tone
for the rest of the dialogue, the analysis of needs is more
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analytical, partly based on a variety of indicators and general
logic, but it also comprises the evaluation and processing of
idiosyncratic information specific to a client. This stage is
claimed to be the most challenging for sales in the analogous
world [22] and it is plausible to assume this for chatbots as
well [28]. Price estimates and price expectations are part of
this stage. This information is often sensitive and dependent
on the situation, should not be directly asked (anchoring).
The product presentation is a more or less skillful derivation
from the second phase. If knowledge on a wide selection
of products is available (in structured and machine-readable
form), effective algorithmic solutions exist for mapping needs
to specific products. Again, a positive closing is important for
the sensation, yet due to a rather codified situation, there are
little new challenges for chatbots. Simply put, the vast majority
of the scientific literature and practical marketers take as a
basis some kind of models that comprise at least four main
stages such as opening, need analysis, product presentation and
closing. Need analysis is the most crucial part of a successful
sales dialogue.

Research has also shown that chatbots which reveal em-

pathic behavior while communicating with the users are per-
ceived in a positive way and increased the trustworthiness
towards the chatbot [20]. Agents which showed human-like
behavior had a higher acceptance rate [6]. The emotional
states, such as sympathy, joy, allegiance, but also anger or
shame, are the decisive variables to create trust and a positive
connection to the situation [51], [63]. It is also established
that the kind of product is an important variable and as such
has to be considered [22]. It is argued that walk-in customers
have to be approached differently, i. e. with positive emotions,
to foster ad hoc decisions. And, it is clear that the higher
the involvement in the product (be it for status, prestige,
price, or practicalities) more rational arguments need to be
taken into account. However, this line of research should be
embedded in the overall decision-making process of humans.
There are hardly any decisions free of emotions, but they are
justified by ex-post rational arguments long after the decision
is subconsciously made [66], [19]. These seemingly conflicting
claims from business studies and psychology can be brought
together on the common denominator of solving cognitive
dissonances [11], [16].
What remains from the theoretical convergence is that the role
of rationality is largely overestimated; emotions predominate
the center stage of action [56], [57], [31]. Following this logic,
it is important to integrate respective variables in any scien-
tific study on consumer decision and behavior. In dialogues
emotions come to the fore as linguistic input. So, it should be
possible to use language as a carrier of emotions to manipulate
the reaction of a chatbot and, vice versa, analyze how the
chatbot uses phrases that appeal to the relationship level [54],
[26], [53].

Emanating from these findings, it bears a lot of plausibility
to use chatbots in sales processes which build trust in the
user to increase the likelihood of a sales success. So far,
there is mainly research on what chatbots say, but little
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research on how they say it, yet the research on the role of
emotions is gaining ground [14], [21], [28], [1]. Still these
overviews clearly show that the interplay of emotional settings
and its relation to how and what is really said [23] more
research needs to be done. In particular, the interaction at the
interface to machine communication with a new generation of
chatbots and the integration of the relationship level is largely
undiscovered.

III. METHODS AND DESIGN SCIENCE RESEARCH CYCLE
A. Design science research methodology

We chose the design science research methodology (DSRM)
by Peffers et al. [46] as this approach is a commonly accepted
framework for research in the field of design science. The
framework consists of six activities as shown in Figure 1.
The first step is the identification of the problem and the
formulation of the study’s motivation. Based on the identified
problem a solution and the artifact should be developed. The
identified problem leads to the second step which contains
the definition of the objectives which serve as a foundation
for the solution. The authors state that “the objectives can be
quantitative [...] or qualitative” [46], p. 55. We decided to
conduct exploratory research with the intent to gather quali-
tative data, therefore we defined design requirements, design
principles and design features which served as objectives and
were analyzed in a later step of our study. The third activity is
the design and development which focuses on the creation of
an artifact, which is designing the architecture of a text-based
conversational agent and creating it in a purchase context. In
the fourth step, the demonstration, the artifact is used to solve
parts of the problem, for instance by conducting case studies
or experiments. In our study we performed usability tests with
users with subsequent interviews to gather qualitative data for
the next step. The evaluation of this data takes place in the fifth
step of the framework. Our aim of this activity was to evaluate
and compare the results from the interviews of the usability
tests with the design principles we defined at the beginning of
our study. The final step of the DSRM is the communication
which involves the presentation of the study [46].

The described steps are normally performed sequentially,
but generally the process can be started with any of the
first four steps and move outward. Nevertheless, we decided
to follow the standard procedure, starting with step one.
Technical problems during the demonstration phase made it
necessary to iterate back to the design and development step
to make technical adjustments in the chatbot before continuing
with the demonstration phase. The flexibility of the DSRM
allowed us this procedure which is one reason we chose this
process model as a foundation.

B. Design Requirements, design principles, design features

1) Design Requirements: Design requirements play a cru-
cial role in the development of information systems. They are
essential for the identification of the actions or processes that
should be supported by the system [15]. In the beginning, we
were concerned with the natural limitations of human beings.

Making mistakes is normal. However, it can lead to inaccurate
or incomplete information, especially in situations such as
consultations. We want to address this problem with our first
requirement, which we have defined as follows: DRI: The CA
should be robust of input errors. Minimizing human error and
maximizing domain expertise is one of the great potentials of
chatbots. Especially in critical areas such as healthcare, this
competence could lead to greater trust. In order to do this, the
chatbot needs to have access to a comprehensive and verified
body of knowledge. In addition, it should be able to understand
the input correctly, even if it contains errors in grammar or
spelling [4]. Another important aspect we recognized was
the emotional connection between the chatbot and the user.
Such a connection can lead to a higher level of well-being. In
addition, it can make people feel valued if the chatbot is both
competent and friendly [37]. So the second requirement is as
follows: DR2: The CA should communicate with consideration
of emotional context. As human agents are increasingly being
replaced by chatbots, it is important that their communica-
tion mimics human-to-human interaction. Anthropomorphism
therefore plays an important role in chatbot research. This
human-likeness can help increase the acceptance of a system
[29]. People enjoy communicating with chatbots using natural
language understanding. Human-like chatbots can also act as
a substitute for friendship and affection, helping to prevent
loneliness in today’s connected world [68]. These points lead
to our third requirement: DR3: The CA should communicate
in a natural language. The requirements that follow are based
on the phases of a sales call, as defined by the SPIN Selling
sales method, for example [47]. It is essential for a chatbot
to have an understanding to whom it is communicating with.
In today’s business world, this classification of users is of
particular importance for the marketing strategies of large
companies. Through analysis of input and the use of targeted
questions, users can be grouped into segments that can be
targeted effectively [49]. An appropriate greeting from the
chatbot should be provided to start the conversation. Therefore,
our fourth requirement is: DR4: The CA should be able to
greet the user and classify the user based on personal criteria.
Another crucial point is that a chatbot should be capable
of understanding the wishes of the conversation partner and
respond to their needs. Communicating information should be
of high quality and be in line with the needs of the other
person [68]. For this reason, we have formulated the following
requirement: DRS5: The CA should identify and respect the
wishes of the customer. In line with the third phase of the
SPIN model [47], a chatbot should be able to demonstrate
how it can help the user. However, this requires the provision
of an optimal fact-based solution that fully aligns with the
input [68], [61], [34].

Thus, we have formulated the following requirement: DR6:
The CA should provide an optimal solution of fact-based ques-
tions and requested information. It is important for chatbots
to have a high level of human-likeness in order to enhance the
users experience. This is particularly important when users are
negotiating with the chatbot, as they should feel positive and
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Fig. 1. DSRM process model

the chatbot should be willing to compromise [37]. Interaction
in computer-assisted meetings can be positively influenced
by facilitators which, for instance, aims to create a positive
environment and a good relationship and manages negative
emotions [8]. So, the seventh requirement is as follows: DR7:
The CA should evoke a good feeling while negotiating with
the user. Similar to identifying the user’s wishes in design
requirement 5, the chatbot should be able to recognize when
the user is convinced to buy the product [37]. This has a
high marketing value, similar to the classification in Design
Requirement 4, as appropriate accessories can be offered
before the purchase is carried out [68], [27]. Furthermore,
research has shown that text-based conversational agents have
limitations in identifying users’ intents [12]. Therefore, we
have formulated our final requirement as follows: DRS: The
CA should know when the user is convinced to buy the
suggested product.

2) Principles and Features: According to Gregor et al.
[15], design principles in the field of information systems are
generally structured into three categories. In the first category
the principles refer to the user’s activities with focusing on
the user’s behavior, while the principles of the second category
emphasize the role of the artifact. The third category combines
the first two categories and therefore consists of principles of
user activity and the artifact. As suggested by the authors we
phrased our design principles as follows: "‘In order to allow
users to do A, the system should have feature X" [15]. By
using the third version of principles, we combine the design
principles and design features into one statement, addressing
the user as well as the artifact, a GPT-3 chatbot. While the
first part of the statement refers to the principle itself, based on
research, the second part is the desired feature of the chatbot.
We defined six design principles and four related features
based on the design requirements.

The first principle refers to the possibility to use the chatbot
as an information retrieval tool [55]. According to Shawar and
Atwell [55], the potential that chatbots can be used to retrieve
information has been found in the field of education, where
research has shown that the outputs given by the chatbot have
similarities with replies generated by Google and can therefore
be a source of information. Nevertheless, students preferred
the chatbot’s answers because they were more detailed and

specific while Google results mainly consisted of a high
number of links. The first principle was phrased as follows:

DP1: For the customer to allow the retrieval of information
about a product, the chatbot should use GPT-3 to process and
create natural language text and the chatbot should process a
conversation in a purchase context.

The second principle refers to the human-like interaction
between the customer and the chatbot. Research has shown
that users prefer a human-like interaction with aspects of per-
ceiving a personality, establishing a relationship with the user
and the importance of asking and answering questions, good
conversational habits and the usage of appropriate grammar
and spelling. These traits have been shown to be important
to users and is therefore of high importance in the design
and development of a chatbot [38]. Especially in a purchase
context we consider a human-like interaction to be essential
since the chatbot is intended to replace a human salesperson
and should therefore have similar character traits. The second
principle has therefore been defined as follows:

DP2: To allow a human-like interaction between the cus-
tomer and the chatbot in a purchasing process, the chatbot
should use GPT-3 to process and create natural language text
related to the purchase context and to use conversational cues
to provide a convincing and satisfying interaction.

The third principle is based on the assumption that in
computer-assisted conversations a facilitator is needed that
“creates and reinforces an open, positive and participative
environment” [8]. In a purchase process where a human
salesperson is involed, the human would have to role of a
facilitator, with the intention to create a positive environment
such that the purchasing process can be facilitated. These
attributes should be transferred to the chatbot. The following
principle therefore aims at a positive emotional atmosphere
during the purchase dialogue:

DP3: To allow a positive emotional atmosphere for the
users, the chatbot should use conversational cues and provide
a convincing and satisfying interaction and use words and
phrases connotating positive emotions.

The fourth principle refers to the finding that one of the most
prevalent emotions in customer service is anger [9]. Assuming
that in our purchase context negative emotions like anger could
occur, too, it is of importance to consider how the chatbot
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should react to these situations. These emotions should either
be ignored or transformed into positive emotions. Hence, our
fourth design principle is the following:

DPA4: To allow transformation or ignoring inputs connotated
with negative emotions, the chatbot should use words and
phrases connotating positive emotions.

The fifth principle considers the fact that users prefer a
chatbot that respects the flow of a conversation [7]. In a human
sales dialogue, fast answers and a good communication flow
are traits which are important to potential buyers and should
therefore be considered in the design and development of a
chatbot:

DP5: To allow a communication flow, the chatbot should
use GPT-3 to process and create purchase-context related text
in natural language

Another important element is the extent to which the chatbot
interprets the user’s wishes and needs. For a full service
experience the users appreciate a chatbot that understands their
requests and interprets them correctly in order to achieve the
desired action [12].

DP6: To analyze what the user truly wants the chatbot
should use GPT-3 to process and create purchase-context
related text in natural language and use conversational cues
and provide a convincing and satisfying interaction.

3) Implementation: The third step of the DSRM process
model is, as described above, the design and development
phase. Using Python and a simple Python UI framework called
Tkinter, we created a standalone chat window for the final
implementation. This allowed for unlimited response time as
the user’s input, including chat history, continued to be sent to
the OpenAl API for processing. We used the text-davinci-003
model from OpenAl for this implementation [41].

C. Farticipants and Study Design

During the fourth phase, the demonstration phase, the us-
ability tests, and interviews took place. The study participants
were all potential users of a smartphone and had no to little
experience with chatbots. They were both female and male,
aged between 20 and 65, with different occupational and
study backgrounds. They all had very good proficiency in
German as strong communication skills were essential for
the study. The first three interviews served as pre-tests which
led to the realization that technical adjustments in the chatbot
were necessary. Afterwards, nine persons participated in the
usability tests and interviews. All participants were informed
about the content of the study, the privacy guidelines, and the
terms of their participation. They all participated voluntarily,
and data collection was anonymous. The usability testing had a
duration of between 10 — 20 minutes, followed by an interview
of duration of approximately 10 — 20 minutes. The participants
task was to buy a smartphone via chat. They were asked to
imagine having a budget of 500 € and were told that 15 %
discount were possible. In reality, a discount of only 5 % was
given. This approach was chosen in order to frustrate the user
and to provoke negative input to test the chatbot’s reaction.
Furthermore, one group was asked to enter long input, while

the other group was asked to enter short input. There was
no time limit set, a researcher was available for questions.
After purchasing a smartphone or canceling the purchase
process, the interview was conducted. Due to the exploratory
nature of the study, we chose to conduct semi-structured
interviews to allow new questions and insights during the
interviews. For each design principles three to four questions
were prepared in advance based on the principles described
above. For DP1, referring to the retrieval of information, one
question was, for instance: “How did the salesperson help you
to answer your questions about the product?”’, for DP2, the
human-like interaction, questions were phrased like: "‘Was
there a situation in which the salesperson approached you
on a relationship level?"’. An example question for DP3, the
positive atmosphere, was: "‘Did you trust the salesperson?
Why/why not?"’. DP4 referred to the negative emotions,
therefore we asked, for instance, about the discount they
did or did not get: "‘If you got less than 15 % discount:
how did you feel?"’. DP5 aimed to gather information about
the communication flow, one question was: "‘How did you
perceive the communication flow? Did the salesperson answer
quickly or slowly?". Regarding DP6, the user’s needs, one
question was, for instance: "‘What could the salesperson have
done or say to show that they understand your needs and
wishes?"’. Similar questions were asked, all with purpose to
receive meaningful answers. Therefore, the questions were
phrased open-ended. The chat logs of the conversations were
saved after the conversation, and the interviews were recorded,
transcribed and served as a foundation for the next phase of
the process.

D. Analysis

The next step, in accordance to the DSRM process model,
was the evaluation and analysis of the collected data. Inter-
views were conducted in German, but analysis was done in
English. In the following text, we translated the interview
quotes from German to English.

IV. RESULTS

This chapter reveals the results of a qualitative interview for
each of the identified design principles. These are presented
from DP1 through DP6 without implying any importance of
order. As described in the chapter on methods, the design
principles were used as a foil to generate questions, whose
evaluations would provide us with knowledge in how far the
design principles are met or what is still missing. A standard
way to operationalize the mapping of the interview answers to
the questions is by using codes. Codes in this understanding
are the realizations or parameters of the set of questions (vari-
ables) representing the design principles. It is important to note
that the interview answers were analyzed using these codes
and with respect to the condition ("‘long" versus "‘short"’).
DP1 aims at the retrieval of information about a product by the
customer from a chatbot. It implies that a chatbot should reveal
the following qualities (codes): appropriate length of reply, fit
of reply, give correct product features, and make reasonable
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price suggestions (price sensitivity). Referring to the length
of the agent’s reply, the interviewees confirmed a generally
appropriate to excellent ability. In the short condition, several
interviewees indicated that keeping on asking for purchase the
presented product made it unnecessarily lengthy and annoying.
In the long input condition, the agent seems to be more dissi-
pated. Heavy use of verbiage and more set phrases are reported
there. This coincides with the main result from the actual
fit of the agent’s reply, which turned out to be independent
of the condition. In both conditions, the fit of the answers
concerning the technical details of a product are consistently
high. Yet, the same applies to the peculiarity of jargon usage
that is perceived as marketing talk. Interestingly according to
the respective subjects, they confirmed not to be dissatisfied
by the overuse of verbiage. Rather they had expected it and
thus accepted the agent’s behavior. The questions on product
features aim at two dimensions. First the bot retrieved relevant
product features of a requested brand. Second, the retrieval
task was reversed: from a set of features, the bot made a
suggestion for a product. The interview answers (and the chat
scripts) show that the chatbot also made suggestions of a new
feature that was likely to be relevant to the subject from what
was mentioned previously, i.e., the agent used logic correctly.
More specifically, the respective chat revealed that the subject
wanted a superior camera. Now, the agent might have learned
that pictures need a lot of storage and therefore suggested
having a mobile with more memory. The conversational agent
also explicitly communicated this interrelation. However, at
another instance on battery performance, any argumentation
could be given although the subject insisted, and the logic was
subjectively perceived as contradictory. To sum up, an effect of
the condition could not be seen. And the feature retrieval was
restricted to a rather limited set of popular features that were
suggested without acquiring knowledge of the customer needs.
Even though the conversational agent was set up to grant
discounts of only up to five percent, it violated the allowance,
which could not be foreseen in the development phase. Still,
this gave us the opportunity during the evaluation to learn how
a potential client would perceive the chat bot’s price sensitivity.
There was a clear effect on the input. In the short condition,
the chatbot followed the specification and stuck to the five
percent limit. Low discounts were not explicitly reported as
a reason for dissatisfaction, but the criticism of the chat bot’s
performance was harsh in these cases. The exception to this
claim is twofold, which is documented in two answers. One
subject mentioned to be happy because a “free” mobile cover
was promised. The other subject felt acknowledged because
the chatbot did an exceptionally good job in considering the
very needs of the subject. The second design principle (DP2)
is supposed to allow a human-like interaction between the
customer and the chatbot in a purchasing process. Human
interaction takes place in two spheres: how something is
communicated (relationship aspects) and what is said (factual
level). These two spheres were circumscribed in the codes
of interpersonal cooperation and rational misunderstanding.
There is no clearly documented example for the latter except
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for two short passages that could also be found in a typical
human conversation. In the short condition and due to a
typo, a subject requested “Has the display got 122 Hertz?”
and the agents responded with “Yes, the display has got 120
Hertz.” In the long condition, one interviewee expressed some
discomfort on a discount for a used device, which turned out
to be a misunderstanding. Interpersonal cooperation occurred
more clearly in the long condition. Here the chatbot made
phrasal assertions implying emotional understanding (e.g., “I
understand”, “Ah, I didn’t know that” chatbot: “No problem”).
In addition, the investigator could observe some correct logic.
When a subject asserted to be a student or directly claimed
to have little money available, the bot suggested a more
drastic student discount or correctly recommended cheaper
brands, even second hand offers. The third design principle
addresses the positive emotional atmosphere for the users
of a conversational agent. For reasons of plausibility, the
chat bot should be polite and trustworthy. It also has been
shown that competence is positively correlated to a positive
emotional atmosphere in sales contexts. Consequently, as a
fourth code, we initially wanted to know about the emotional
state of the customer and how it changed. While coding the
interviews, we realized that the answers to these questions
were unsatisfactory. The emotional state was claimed to be
neutral throughout all subjects and there was no indicator
of any emotional shift before and after the chat. Again, we
decided to leave this item out of the analysis.

The agent’s politeness was perceived as positive indepen-
dent of the input condition. When the subjects had the feeling
of a particularly engaged answer or that their particular needs
were considered as opposed to the mere general claim, the
interviewees received extra praise. Answers from DP1 could
also be considered here and construed towards impoliteness,
i.e., initially asking for purchasing the recommended product is
often conceived as impolite. Whereas this is even clearer, when
only a little discount was provided. The perceived competence
on technical details was evaluated as high. There seemed to be
a correlation: Lower discounts coincide with lower perceived
competence even if the retrieval of technical information as
shown in DP1 was evaluated as high throughout. Again, strong
positive feedback was given if a subject experienced a feeling
of acknowledgement and considered needs. The questions on
trustworthiness confirmed an established phenomenon. Trust is
subconsciously connected to competence. Factual competence
as defined here is giving the appropriate information on a prod-
uct (see DP1). That means that a chatbot that was evaluated
as competent, was also considered trustworthy. The interesting
part here was that two subjects admitted that they cannot
prove if the given information was correct, but the way it
was presented obviously resulted in a transfer of competency.
Trustworthiness was also reported for the case that the chatbot
was perceived as a neutral informant who is not trying to sell
a particular product. DP4 aims at handling input connotated
with negative emotions. Since the chatbot was unexpectedly
robust, which we observed during our first testing with a
variety of input prompts, we already suspected that DP4 was
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already satisfied. In order to measure DP4 such that a human-
like communication flow could be maintained, we decided to
measure DP4 indirectly by telling subjects that they would be
able to negotiate up to a total of 15% discount for any desired
product. However, the chatbot was programmed in such a way
that only 5% discount were given. We hoped that we could
provoke the subjects to enter input connotated with negative
emotions. Unexpectedly, several discount bugs occurred during
our pre-tests, resulting in the chatbot giving a much larger
discount than 15%. During our evaluation, we could not
particularly observe negative input prompts but only negative
emotions the subjects expressed to the interviewer. DP5 is
how communication flow with the chatbot is perceived and
allowing language deviations of users. Most subjects described
positive feelings towards communication flow independent
of the input condition , for example: “Generally, I would
say that I am very satisfied because of the details of the
answers” Many subjects entered informal language as input
for which the chatbot was able to proper respond. Also, some
subjects explicitly preferred the chatbot over a real human
seller independent of the input condition because of fast and
detailed answers provided by the chatbot in comparison to
delayed and potentially inaccurate information which would be
given in a store by a human seller as indicated by the subject’s
personal experience. Furthermore, some subjects stated that
they had less emotional inhibition during negotiation for better
discounts because they thought during the sales dialogue that
they were likely chatting with a chatbot instead of a real
human. On the other hand, as mentioned before, subjects in the
short input condition noticed a rigid behavior of the chatbot, in
particular that the chatbot would ask multiple times and at an
early stage during the sales dialog if the subject would want to
buy the product. As a result, negative emotions were provoked,
p-e.: “Regarding communication flow there was always such a
question at the end. So, the conversation was actually always
going towards if I want to buy something. And I have asked, if
I what is your recommendation, it continued this way, so it was
then always answered this way, just to sell something again”.
Some subjects in the long input condition indicated that the
communication may feel unnatural due to delays, p.e.: “There
were some delays, but that was not really bothersome” A
subject noticed delays in communication flow. Another subject
criticized generic questions of the chatbot and that input was
forgotten: “Rather less, because I thought that she did not
sickly ask further inquiry but always just e.g. “Do you like
this or that?” DP6 aims at the user’s needs. Some subjects
explicitly said that the chatbot understands what they want
and that the chatbot gave a good consultation for the product,
independent of the input condition: “I have had the feeling,
that he wanted to know what I want and wanted to offer me the
suiting smartphone and I did not have the feeling that he does
not understand what I want or what is important to me” or
“Nope, so she has always looked what wishes I have and has
chosen the product then based on that and let me chose. The
camera, the battery time and the design was important to me”.
On the other hand, some subjects, independent of the input

condition, noted a lack of empathy, in particular, one subject
reported that his desires for the product were not considered.
Other subjects mentioned that the conversation was obviously
going towards buying the product, as mentioned above. Few
subjects, independent of input condition, explicitly indicated
that they trusted the chatbot which is, as mentioned above,
connected to perceived competence of the chatbot which could
have contributed to the perception that the subjects’ needs were
satisfied. One subject reported a misunderstanding during the
sales dialogue which resulted in the chatbot shifting attention
away from the topic: “At the very beginning I have said,
that I do not want Samsung any more, there he offered me
exactly these Samsung devices, that confused me for a short
time”. Noteworthy, this subject had the short input condition
which could have promoted the misunderstanding due to lack
of information.

V. DISCUSSION

There are two basic lessons learned from the interviews.
First, monotonously asking to buy a product without con-
sidering the progress of a sales dialogue, that is in the very
beginning of the chat, rather induces resentment as satisfaction.
It is perceived as not very human. The longer a dialogue lasts,
the more this effect disappears. This is especially apparent in
the short condition, i.e., the user makes very concise requests,
where the conversational agent tends to use more verbiage
and set constructions. Second, considering needs seems to be
the key quality in the overall perception of the conversational
agent. If so, even unjust treatment (less discount than others
get) is forgiven. Otherwise, a low discount coincides with
low competency perception. If the client has good reason
to assume her or his needs are taken into consideration and
a comprehensible suggestion including the price, the above
discomfort effect is also not reported.

As revealed in the chapter on the theoretical background,
customers find it inappropriate to be asked to buy right away
and even more striking, strong discomfort is felt if the same
question is repeatedly asked. During extensive pretesting, the
chatbot did not show this behavior. However, it is undeni-
able when the interviews were carried out. This leads to
the assumption that the configuration option of GPT-3 has
some influence on the bot’s selling behavior. If this logic
holds, the typical stages of a sales dialogue as put forward
in the theoretical background above, could be added to the
algorithmic set up of GPT-3 and the chat bot could follow the
phases of sales dialogue. This would add immense value to
the authenticity of a virtual salesperson and, above all, would
avoid the risk of impoliteness, which often leads to closing
the dialogue or even changing the web store altogether.

The experiment and interview on the short condition hint
at another capability of the GPT-3 conversational agent that
might not have been explicitly designed. The chat bot seems
to converge on similar length of answers or put differently, the
agent has learned an appropriate mean average of answers. If
this length is not reached, the bot may find it more adequate
to fill its response with questions or marketing verbiage.
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Reformulated as a rule: if the mean length of answer is not
reached, use the remaining length to follow your purchasing
goal, i.e., in its simplest form, ask a question to purchase. In
case this behavior was learned from deep nets, it certainly
did not include a significant amount of material on sales
conversations. Unfortunately, there is little known about the
algorithmic specification and to which extent rule-based ad-
justments can be made. As a set of configuration variables such
as the temperature scroll bar suggest, adjustment is indeed
feasible beyond what is configured in the prompt option. So,
one possibility is to postpone direct questions of purchase to
the moment in which the conversation is established. This
is not meant to say that the bot may not ask questions to
figure out the needs of the client, which is highly appreciated.
In addition, some more variation of the purchasing question
would give it a much more human and familiar appearance.

The interview results showed that some subjects appreciated
the chatbot’s ability to make correct inferences such as that
a good camera calls for more memory. Avoiding a hasty
conversion on this presumption, we would like to offer an
alternative mechanism more in line with recent technologies
of neural nets and big data processing. Characteristic to sales
are strategies of up-selling and cross-selling that can almost
always be encountered in real life conversations between sales
agents and customers. There is also evidence in the chat
logs that covers for mobile phones (cross-selling) or more
performance, i.e., more recent versions of mobile phones
are dominantly mentioned (up-selling), are actively engaged.
Instead of presuming logical inference, which may indeed
appear as such, it could as well be learned behavior since this
should be predominantly available. So really it is a side effect
of learning that turns out to have a very positive impact on
customer satisfaction. The same would apply to the assumed
logic reported in DP2, when requesting more discount for
being a student. Yet, the strategy changed to down-selling;
it still parallels sales dialogues in the real world.

There is one answer categorized to DP1 that was perceived
to be a “wrong” claim by the subject. Despite the fact that this
answer could also be included in DP2 (rational misunderstand-
ings) or even DP3 (trustworthiness), it illustrates the problem
of context and relation, which occurs as well in the analogous
world with the difference that it is likely to be interpreted in
favor of the agent. The answer goes as follows:

"This waaas.. how is it called. .. this happened once for the
cheaper price of a mobile for 699€. I asked, “Is this really low-
priced?” and the answers went “Yes! It is very low-priced!”
(laughs) Ehm. .. or also regarding the conditions in ... in the
production of another mobile, there it was wrong, too, then."

What we can observe from the answer is that it circles
around the question of what is expensive and thus it is about
a relative truth. This can be in relation to the imagination
of the subject or relative to other brands. Without context,
“wrong” answers are restricted to the interpretation. Indeed,
to circumvent this misunderstanding the conversational agent
could make this clear by adding something like “compared
to the other brands, it is low-priced”. Another alternative is
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that the bot has determined the expectation of the subject and
could then suggest a cheaper model. Still, one must admit,
with reference to the answer script, that the subject’s claim
is decontextualized. The logic of the agent to set the price
in relation to other products is comprehensible and would
probably be experienced with human sales agents alike.

DP5 considers the perception of communication flow dur-
ing the entire sales dialogue. Most subjects felt a positive
communication flow by expressing satisfaction. towards our
questions. Our results indicate that some subjects would prefer
the chatbot over a human seller. The subjects justified this by
outlining the detailed and fast answers of the chatbot which
contributed towards a positive communication flow.

This insight was unexpected since we thought that humans
would prefer to chat with a real human instead of an artificial
intelligence. Our results indicate that the presence of a human
might not be necessary to maintain a positive emotional atmo-
sphere during a sales dialogue, a key aspect of a successful
sales dialogue [62], [63], [22], [45], [60].

DP5 also covered the handling of language deviations for
users. Misunderstanding was only reported by a minority of
subjects and in particular those with short input condition. In
most cases, the chatbot was able to proper respond to informal
language which also contained a few spelling and grammatical
errors. Hence, DP5 is likely to be satisfied, although deviant
behavior was observed which could be improved by further
improving the implementation settings and restrictions of the
chatbot e.g., it could be implemented that the chatbot would
not ask if a customer would want to buy the product multiple
times. A good communication flow serves as a basis for a
successful dialogue making it less likely of endangering a
positive emotional atmosphere.

The results of DP6 are ambiguous. Some subjects had the
impression that the chatbot understands their desires towards
the discussed products while other subjects stated the opposite,
in particular, because of generic answers of the chatbot. Since
that was observed independent of the input condition, further
attempts towards satisfying DP6 should focus on altering the
implementation settings of the chatbot.

Noteworthy, the short input condition could have resulted
in misunderstandings due to a lack of information in the
prompts. Identifying the buyer’s needs is a core concept of
a sales dialogue [52]. As mentioned before, it is connected
to perceived competence. Therefore, DP6 is crucial for a
successful sales dialogue and our ambiguous results indicate
that further research towards DP6 is needed.

VI. CONCLUSION

The results show that the GPT-3 chatbot has the potential to
perform a human-like sales dialogue, although, we observed
relevant deviant behavior of the chatbot. In the short input
condition, the chatbot generated more verbiage and quickly
asked for purchase, which was perceived as annoying and not
human-like. An important aspect for the subjects was to be
felt understood in their desires towards buying a product. If
the chatbot could meet their expectations, it did not matter if
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the discount was lower than announced. In contrast, if subjects
felt not understood and got a discount lower than promised,
they concluded that the chatbot would lack competence. Most
subjects were satisfied in terms of communication flow. Sur-
prisingly, subjects explicitly said that they would prefer the
chatbot over a human seller because of the chatbot’s abilities
to be able to respond quickly, while simultaneously giving
detailed fact-based answers to the subjects’ questions about
smartphones.

Because of GPT-3’s generative nature, the output could
be unexpected and varying, which would be in favor of
a human-like conversation but could also cause problems
of misunderstanding or false information of a product. As
discussed above, a scenario with explicitly telling subjects to
enter insult prompts could facilitate evaluating and thereby
confirming DP4. Since our evaluation was qualitative by
conducting interviews, general conclusions on how the chatbot
influences the outcome of a sales dialogue could not be drawn.
Further research would be needed to confirm our assumptions.
Our research question did not aim towards implementation of
the chatbot in a real company. However, we want to mention
that actual implementation of a GPT-3 chatbot could be
challenging, especially because GPT-3 is generative and may
provide false payment information or misleading company
information during a dialogue which are hard to detect. We
recommend using GPT-3 chatbots only to provide information
about a desired product and the actual purchase and payment
transmission should be handled separately.

In order to improve the emotional atmosphere of the sales
dialogue, the phases of a sales dialogue as mentioned above
should be considered during the implementation of the chatbot
[65], [22], [47]. The observed preference of a chatbot over a
real human seller could pave the way for further research, in
particular to decide whether a chatbot could even be better than
a human in specific sales scenarios. Furthermore, the novel
chatbot of OpenAl, ChatGPT, was released recently, which is
especially designed for dialogue and currently using the newest
GPT-4 engine [42], [41], [43], [30].

Further research could aim at investigating our research
question with ChatGPT instead of GPT-3, although ChatGPT
is currently at an early stage and support for developers
is not fully implemented yet, making it susceptible to a
variety of unexpected problems during implementation [42].
Another possibility would be to further investigate other sales
dialogue scenarios with ChatGPT [42]. As mentioned in the
introduction, many chatbots are already being used in customer
service, healthcare, or businesses [1], [70]. Anthropomorphism
of digital assistants involved in a purchasing process is crucial
[3]. Hence, the chatbot has the potential to mimic a human-like
conversation in the context of a sales dialogue. The above-
mentioned deviant behavior could likely be fixed in further
research iterations. Overall, our findings support the usage of
GPT-3 based chatbots in the domain of sales.

VII. ACKNOWLEDGMENTS

This paper originated from our work in the project module
"Project Information Systems, Socio-Technical Systems
Design" which was a joint offer by the Chair of Information
Systems, Socio-Technical Systems Design at Universitit
Hamburg, the Chair of Digital Transformation and Informa-
tion Systems at Universitit des Saarlandes and the Chair of
Business Information Systems, esp. Intelligent Systems and
Services at Technische Universitit Dresden. The topic and
approach of this paper was suggested by the supervisors of
the project module.

REFERENCES

[1] Adamopoulou, E., and Moussiades, L. 2020a. "An Overview of Chatbot
Technology," in Artificial Intelligence Applications and Innovations, I.
Maglogiannis, L. Iliadis, and E. Pimenidis (eds.), Springer: Cham, pp.
373-383.

[2] Adamopoulou, E., and Moussiades, L. 2020b. "Chatbots: History, tech-
nology, and applications,” Machine Learning with Applications (2).

[3] Balakrishnan, J., and Dwivedi, Y. 2021. "Conversational commerce:
entering the next stage of Al-powered digital assistants,”" Annals of
Operations Research. 10.1007/s10479-021-04049-5.

[4] Barnett, A., Savic, M., Pienaar, K., Carter, A., Warren, N., Sandral, E.,
Manning, V., and Lubamn D. I. 2021. "Enacting ‘more-than-human’ care:
Clients’ and counsellors’ view on the multiple affordances of chatbots in
alcohol and other drug counselling," Int J Drug Policy (94).

[5] Bechtold, A. 2017. Foto zum Thema flaches Fokusfoto des
Frauengesichtes — Kostenloses Bild zu Portrit auf Unsplash
(https://unsplash.com/de/fotos/3402kvtHhOo?utm_source=unsplash&
utm_medium=referral&utm_content=creditCopyText; accessed February
27, 2023)

[6] Cavedon, L., Kroos, C., Herath, D., Burnham, D., Bishop, L., Leung, Y.,
and Stevens, C. 2015. "C’Mon dude!: Users adapt their behaviour to a
robotic agent with an attention model," International Journal of Human-
Computer Studies (80), pp. 14-23.

[7]1 Cerezo, J., Kubelka, J., Robbes, R., and Bergel, A. 2019. "Building
an Expert Recommender Chatbot," 2019 IEEE/ACM st International
Workshop on Bots in Software Engineering (BotSE), pp. 59-63.

[8] Clawson, V. K., Bostrom, R. P., and Anson, R. 2016. "The Role of
the Facilitator in Computer-Supported Meetings," Small Group Research
(24:4), pp. 547-565.

[9] Crolic, C., Thomaz, F., Hadi, R., and Stephen, A. T. 2022. "Blame the
Bot: Anthropomorphism and Anger in Customer—Chatbot Interactions,"
Journal of Marketing (86:1), pp. 132-148.

[10] Doéring, D., and Zeller, M. 2022. "Das strukturierte Verkaufsgesprich:
Die wichtigsten Werkzeuge fiir den Vertrieb und ihre Anwendung in der
Praxis," Wiesbaden: Springer.

[11] Festinger, L. 1957. "A theory of cognitive dissonance," Combined
Academic Publ., Anniversary Edition.

[12] Fglstad, A., Nordheim, C. B., and Bjgrkli, C. A. 2018. "What Makes
Users Trust a Chatbot for Customer Service? An Exploratory Interview
Study," Internet Science. INSCI 2018. Lecture Notes in Computer Sci-
ence, pp. 194-208.

[13] Gibson, J.J. 1977. "The theory of affordances," Perceiving, Acting and
Knowing, pp. 67-82. Lawrence Erlbaum Associates, Mahwah.

[14] Go, E., and Sundar, S. 2019. "The effects of visual, identity and
conversational cues on humanness perceptions,” Computers in Human
Behavior (97), pp. 304-316.

[15] Gregor, S., Kruse, L. C., and Seidel, S. 2020. "The Anatomy of a Design
Principle," Journal of the Association for Information Systems (21), pp.
1622-1652.

[16] Harmon-Jones, E., and Mills, J. 2019. "An introduction to cognitive
dissonance theory and an overview of current perspectives on the theory,"
Cognitive dissonance: Reexamining a pivotal theory in psychology, pp.
3-24.

[17] Holland, H. 2014. "Dialogmarketing - Offline und Online," in Digitales
Dialogmarketing, H. Holland (eds). Wiesbaden: Springer Gabler, pp. 3-
28. https://doi.org/10.1007/978-3-658-02541-0_1.

[18] IBM n.d. What is a chatbot? IBM. (https://www.ibm.com/topics/
chatbots; accessed February 18, 2023).

645



646

[19] Kahnemann, D. 2012. "Thinking, fast and slow". Penguin.

[20] Kim, Y., Kwak, S. S., and Kim, M.-S. 2013. "Am I Acceptable to You?
Effect of a Robot’s Verbal Language Forms on People’s Social Distance
from Robots," Computers in Human Behavior (29:3), pp. 1091-1101.

[21] Kucherbaev, P., Bozzon, A., and Houben, G.-J. 2018. "Human Aided
Bots," IEEE Internet Computing (22), pp. 36-43.

[22] Kroeber-Riel, W., and Groppel-Klein, A. 2019. "Konsumentenverhal-
ten". Vahlen.

[23] Lebovitz, S, Levina, N, and Lifshitz-Assaf, H. 2021. "Is AI Ground
Truth Really True? The Dangers of Training and Evaluating AI Tools
Based on Experts’ Know-What," MIS Quarterly, (45: 3) pp. 1501-1526.

[24] Lee, Sae. 2020. "Chatbots and Communication: The Growing Role
of Artificial Intelligence in Addressing and Shaping Customer Needs,"
Business Communication Research and Practice (3), pp. 103-111.
10.22682/bcrp.2020.3.2.103.

[25] Lewis, M., Yarats, D., Dauphin, Y., Parikh, D., and Batra, D. 2017.
"Deal or No Deal? End-to-End Learning for Negotiation Dialogues," in
Proceedings of the 2017 Conference on Empirical Methods in Natural
Language Processing, Copenhagen, Denmark, pp. 2433-2443.

[26] Lindquist, K. A. 2021. "Language and Emotion: Introduction to the
Special Issue," Affective science (2:2), pp. 91-98. https://doi.org/10.1007/
542761-021-00049-7.

[27] Lippert, A., Gatewood, J., Cai, Z., and Graesser, A. 2019. "Using
an Adaptive Intelligent Tutoring System to Promote Learning Affor-
dances for Adults with Low Literacy Skills" in Adaptive Instructional
Systems, Sottilare, R., Schwarz, J. (eds). HCII 2019. Lecture Notes in
Computer Science(), vol 11597. Springer, Cham. https://doi.org/10.1007/
978-3-030-22341-0_26

[28] Lokman, A. S., and Ameedeen, M. A. 2018. "Modern Chatbot Systems:
A technical review," in Proceedings of the Future Technologies Confer-
ence (FTC) 2018, Vancouver, Canada, pp. 1012-1023.

[29] Lunberry, D, and Liebenau, J. 2021. "Human or Machine? A study of
anthropomorphism through an affordance lens," in Digital transformation
and human behavior: innovation for people and organisations, C. Metallo,
M. Ferrara, A. Lazazzara and S. Za (eds.), Berlin: Springer, pp. 201-215.

[30] Lutkevich, B., and Schmelzer, R. 2023. What is GPT-3? Ev-
erything you need to know, Enterprise AI, TechTarget, January
26. (https://www.techtarget.com/searchenterpriseai/definition/GPT-3; ac-
cessed February 27, 2023).

[31] Mangold, R. 2014. "Werbepsychologie," in Digitales Dialogmarketing,
H. Holland (eds), Wiesbaden: Springer Gabler, pp. 29-50. https://doi.org/
10.1007/978-3-658-02541-0_2.

[32] Markus, M.L. and Silver, M.S. 2008. "A foundation for the study of
IT effects: a new look at DeSanctis and Poole’s concepts of structural
features and spirit," J. Assoc. Inf. Syst. (9:10).

[33] Mayer, R. D., and Harrison, N. 2019. As customers begin
to shop through voice assistants, what can brands do to stand
out? (2https://hbr.org/2019/08/as-customers-begin-to-shop-through-voice-
assistants-what-can-brands-do-to-stand-out2019, accessed 15th February
2022).

[34] Meske, C., Amojo, L., and Thapa, D. 2020. "Understanding the Affor-
dances of Conversational Agents in Mental Mobile Health Services," ICIS
2020 Proceedings (9).

[35] Messina, C. 2016. 2016 will be the year of con-
versational commerce. (https://medium.com/chris-messina/
2016-will-be-the-year-of-conversational-commerce- 1586e85¢399 1#
.bsdskkyji, accessed 21 Mai 2023)

[36] Mishra, S., Khashabi, D., Baral, C., Yejin, C., and Hajishirzi, H. 2022.
"Reframing Instructional Prompts to GPTk’s Language".

[37] Moussawi, S. 2018. "User Experiences with Personal Intelligent Agents:
A Sensory, Physical, Functional and Cognitive Affordances View," in
Proceedings of the 2018 ACM Conference on Computers and People
Research (SIGMIS-CPR’18), New York, pp. 86-92.

[38] Morrissey, K., and Kirakowski, J. 2013. "Realness’ in Chatbots: Estab-
lishing Quantifiable Criteria. Human-Computer Interaction," in Interac-
tion Modalities and Techniques. HCI 2013. Lecture Notes in Computer
Science, pp. 87-96.

[39] Mygland, M.J., Schibbye, M., Pappas, I.O. and Vassilakopoulou, P. 2021.
"Affordances in Human-Chatbot Interaction: A Review of the Literature,"
in Responsible AI and Analytics for an Ethical and Inclusive Digitized
Society. I3E 2021. Lecture Notes in Computer Science (12896), D.
Dennehy, A. Griva, N. Pouloudi, Y.K. Dwivedi, I. Pappas, M. Mintymaiki
(eds), Cham: Springer. https://doi.org/10.1007/978-3-030-85447-8_1.

PROCEEDINGS OF THE FEDCSIS. WARSAW, POLAND, 2023

[40] Newzoo n.d. Top Countries/Markets by Smartphone Penetration
& Users, Newzoo (https://newzoo.com/insights/rankings/
top-countries-by-smartphone- penetration-and-users; accessed February
27, 2023).

[41] OpenAl 2015-2023. OpenAl (https://openai.com/; accessed April 29,
2023).

[42] OpenAl. 2015-2023. Introducing ChatGPT (https://openai.com/blog/
chatgpt/; accessed April 29, 2023).

[43] OpenAl. 2015-2023. GPT-4 (https://openai.com/product/gpt-4; accessed
April 29, 2023).

[44] Pamungkas, E.W. 2019. Emotionally-Aware Chatbots: A Survey. ArXiv,
abs/1906.09774.

[45] Pauletto, S., Balentine, B., Pidcock, C., Jones, K., Bottaci, L., Are-
toulaki, M., and Balentine, J. 2013. "Exploring expressivity and emotion
with artificial voice and speech technologies," Logopedics Phoniatrics
Vocology (38:3), pp. 115-125.

[46] Peffers, K., Tuunanen, T., Rothenberger, M. A., and Chatterjee, S.
2007. "A design science research methodology for information systems
research”, Journal of Management Information Systems (24), pp. 45-77.

[47] Rackham, N. 1996. "The SPIN selling fieldbook practical tools, methods,
exercises, and resources", McGraw-Hill.

[48] Radzwill, N., and Benton, M. 2017. "Evaluating Quality of Chatbots
and Intelligent Conversational Agents," Software Quality Professional,
vol. 19, (3), pp. 25-36.

[49] Rajaobelina, L., and Ricard, L. 2021. "Classifying potential users of live
chat services and chatbots,” in J Financ Serv Mark, pp. 81-94.

[50] Ramesh, K., Ravishankaran, S., Joshi, A., and Chandrasekaran, K.,
2017. "A Survey of Design Techniques for Conversational Agents,"
in Information, Communication and Computing Technology, Kaushik,
S., Gupta, D., Kharb, L., and Chahal, D. (eds.). Singapore: Springer
Singapore, pp. 336-350.

[51] Richard, T. 1980. "Toward a positive theory of Consumer Choice,"
Journal of Economic Behavior and Organization (1:1), pp. 39-60.

[52] Richardson Sales Performance 2021. DNA of a sales dialogue,
November 29 (https://www.richardson.com/sales-resources/dialogues/#:~:
text=A\%20sales\%20dialogue\%20describes\%?20the, solution\%20will\
%20meet\%20those\%20needs.; accessed February 27, 2023).

[53] Schiewer, G. L., Altarriba, J., Chin N. B. 2022. "Handbook of Linguistics
and Communication Science (HSK) Volume 1," Berlin, Boston: De
Gruyter Mouton. https://doi.org/10.1515/9783110347524.

[54] Shanahan, D. 2008. "A new view of language, emotion and the brain,"
Integrative Psychological & Behavioral Science (42:1), pp. 6-19. https:
//doi.org/10.1007/512124-008-9052-0.

[55] Shawar, B. A., and Atwell, E. 2007. "Chatbots: Are they Really Useful?,"
LDV Forum 22, pp. 29-49.

[56] Scherer, K. R. 1989. "Psychologie der Emotionen".

[57] Scherer, K. R. 1994. "Emotion serves to decouple stimulus and re-
sponse,” in The nature of emotions, Fundamental questions, P. Ekman,
and R. J. Davidson (eds), New York, p. 127-130.

[58] Seyffert, R. (1966). "Werbelehre. Theorie und Praxis der Werbung,"
Stuttgart.

[59] Shiv, B., and Fedorikhin, A. 1999. "Heart and mind in conflict: The
interplay of affect and cognition in consumer decision making," Journal
of Consumer Research (26), p. 278-292.

[60] Solomon, M. 2017. "If Chatbots win, customers lose, says
Zappos Customer Service expert,” Forbes, Forbes Magazine,
March 24 (https://www.forbes.com/sites/micahsolomon/2017/03/23/

customers-lose-if-chatbots- win-says-zappos-customer-service-expert/
?sh=3f54c8ed6087; accessed February 27, 2023).

[61] Stoeckli, E., Dremel, C., Uebernickel, F., and Brenner, W. 2020. "How
affordances of chatbots cross the chasm between social and traditional
enterprise systems," Electron Markets (30), pp. 369-403.

[62] Thaler, R. 1980. "Toward a positive theory of consumer choice," Journal
of Economic Behavior and Organization (1), pp. 39-60.

[63] Thaler, R. 1985. "Mental Accounting and Consumer Choice," Marketing
Science (4:3), pp. 199-214.

[64] Thieltges, A., Schmidt, F., and Hegelich, S. 2016. "The Devil’s Triangle:
Ethical Considerations on Developing Bot Detection Methods," 2016
AAATI Spring Symposium Series.

[65] Tiffert, A. 2021. "Konkrete Anleitung fiir ein Mitarbeitercoaching im
personlichen Verkauf," in Coaching von Mitarbeitern im personlichen
Verkauf, Wiesbaden: Springer Gabler.

[66] Tversky, A., and Kahneman, D. 1981. "The framing of decisions and
the psychology of choice," Behavioral Decision Making, pp. 25-41.



JULIAN PREMM ET AL.: ANALYSIS OF A GPT-3 CHATBOT WITH RESPECT TO ITS INPUT IN A SALES DIALOGUE

[67] Varghese, E., and Pillai, R. 2017. "A Review on generative conversa-
tional model," International Journal of Advance Research in Science and
Engineering (6:12), pp. 148-152.

[68] Waizenegger, L., Seeber, 1., Dawson, G., and Desouza, K. 2020. "Con-
versational Agents — Exploring Generative Mechanisms and Second-hand
Effects of Actualized Technology Affordances,” in Hawaii International
Conference on System Sciences.

[69] Wakefield, J. 2016. Microsoft chatbot is taught to swear on
Twitter, BBC News, BBC, March 24 (https://www.bbc.com/news/

technology-35890188; accessed February 27, 2023).

[70] Wang, J., Hwang, G.-H., and Chang, C.-Y. 2021. "Directions of the
100 most cited chatbot-related human behavior research: A review of
academic publications," Computers and Education: Artificial Intelligence,
2 . p. 100023.

647



